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autoregressive expectations

isolated backward-orientation

"People know too less."

rational expectations

rationality in the sense of
model-consistency

"People know too much."

implicit learning result:
knowledge of the true model
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 but they never stop learning."
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learning by observation

expectation hyopotheses (learning-knowledge-context)
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simulation model: mode of operation (direct effects only)



MAKROMAT-nfx: user interface



right axis left axis

income fluctuations in response to monetary policy switches (adaptive expectations)



income-inflation adjustment paths

all periods periods with wage bargaining



income fluctuations in response to monetary policy switches (rational expectations)
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fuzzifying the inflation rate



consecutive blockconditional block
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IF (unemployment = "high") THEN (inflation = "low")

IF   condition(s)   THEN   reaction to condition(s) 
conditional block consecutive block

fuzzy rule

a) stylized form of a fuzzy rule

b) inference principle

consecutive block
transmission of the

degree of application
conditional block

c) example (rule estimation by means of the scaling procedure)

1-1

fuzzy rules and fuzzy infrence: basic principle
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fuzzy inference result set and the center-of-area defuzzification procedure



fuzzy expectation generator

inference
IF ... THEN ...
IF ... THEN ...
IF ... THEN ...
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crisp exogenous
expectation determinants

control line
(economic system)

fuzzy expectation formation as an economic feedback control system
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layer 1 layer 2 layer 3 layer 4 layer 5
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neuro-fuzzy system for expectation formation (Lin/Lee-technology)



error-backpropagation-algorithm
with perception intervalls and

optional melting of border saturation
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FE-generator for period tS

inference
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parameter training (considering past periods including tS)
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sequence of rule-based forecasting and experience-based expectation training



surface of the neuro-fuzzy expectations editor (fuzzifying tab)



replaces conventional expecatations by
rule-based expectations

effect of rule-based inflation expectations without learning (fixed convictions)



training rules after each simulated period 

1st
recal-
culation

effect of rule-based inflation expectations with learning (1st recalculation round)



training rules after each simulated period 

2nd
recal-
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effect of rule-based inflation expectations with learning (2nd recalculation round)



learning process for inflation forecasting (1st recalculation round)



inference process for inflation forecasting (2nd recalculation round, t = 24)



effect of mono-dimensional ("rational") rule-based inflation expectations (2nd recalculation round)



attendant material (MAKROMAT Web-Center)


